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Abstract:
Smart houses are gaining attention as a housing energy system that can achieve a decarbonized society, but actual
energy performance analysis has not progressed. Therefore, we will use data measured and visualized by HEMS,
which measures and visualizes the energy consumption of equipment, to comprehensively evaluate the energy
performance of smart houses. In addition, we will establish a model to estimate the energy management effect in
order to effectively improve the energy performance of households. In this study, we will construct a data-driven
energy consumption estimation model using Transformer Neural Network, utilizing data measured by HEMS and
other tools. Then, by combining the feature importance analysis method, we will estimate the changes in the energy
system when implementing energy-saving measures.
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